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Overview

Preliminary Analysis

* DTI with high angular resolution (HAR-DTI) Is critical for
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Results: Qualitative Comparisons

Fig.3 Qualitative comparisons of DTI
generated by different methods in coronal
views. a) Low angular resolution DTI. b)
High angular resolution DTI, which is
treated as the ground truth. c) DeepDTI [3].
d) The enhanced LAR-DTI by HADTI-
Net.
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Fig.4 Quantitative comparisons between HADTI-Net and different state of the art Fig.5 Mean absolute FA differences for LAR-DTI and enhanced
methods. Common DT I-derived scalar metrics are used. * indicates significantly LAR-DTI by HADTI-Net in 72 WM tracts and the entire WM

worse results when compared to HADTI-Net. region.

Conclusions

HADTI-Net Is proposed to estimate the enhanced DTI model from a set of minimal evenly distributed directions. The experiment results prove that
HADTI-Net can generate scalar metrics that are comparable to those derived by HAR-DTI.
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